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Fig.1 Curves before and after MNF transform of remote sensing data of the Roigé Plateau
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Table 2 Evaluation of precisions of remote
sensing classification on the Roigé Plateau
0.713 0.686 0.670
0.683 0.724 0.704
0.675 0.812 0.744
0.651 0.518 0.585
0.973 0.767 0.870
0.765 0.912 0.839
Kappa 0.865 0.783 0.824
0.908 0.926 0.917
0.966 0.953 0.960
0.806 kappa 0.785
X X
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Table 3 Comparison of the surface feature are a computer’s classification with expert’s interpretation
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REMOTE SENSING CLASSIFICATION OF SURFACE
FEATURES ON THE ROIG PLATEAU

XU Gang ZHAO Zhi-zong
Institute of Geomechanics ~ Chinese Academy of Geological Sciences — Beijing 100081

Abstract All materials have their characteristic spectral absorption peaks in remote sensing data. So
missing and mixing of information that usually occurred in previous remote sensing classification may be
greatly reduced by spectral identification. In order to solve the problem of the remote sensing
classification of surface features on the Roigé Plateau the spectral angle mapper classification of surface
features was for the first time used in the ETM multispectral pansharp images. The steps of the
classification are as follows setting the standard of remote sensing data—>selecting the swatches in the
training area—> using the minimum noise fraction rotation MNF to reduce the dimension and remove
noises—>using the pixel purity index PPI to purify the swatches—>using the n-D visualizer to regroup the
swatches—using the spectral angle mapper ASM to identify surface features. The classification results
are as follows the total accuracy of the class accuracy evaluation is 0.806 and the Kappa coefficient is
0.785. These accuracies conform to the technical requirements of 1:50 000 detailed land survey.

Key words remote sensing spectral characteristics spectral angle mapper classification Roigé

Plateau



